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* Neural Network Design, 2™ Ed
Hagan, M.,
Demuth, H.,
Hudson Beale, M.,
De Jesus, O.

* Chapters 1-7, 10, (11), 15-17, 21
* hagan.okstate.edu/NNDesign.pdf
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* Deep Learning
Goodfellow, I, .
Bengio, Y., _‘ n&iﬁ:ﬂ&fﬁ;ﬁhf“_ae“g‘“
Courville, A. | 3

* Chapters 4-10

* www.deeplearningbook.org
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1938, Rashevsky describes neural activation dynamics by
means of differential equations

1943, McCulloch & Pitts propose the first mathematical model
for biological neurons

1949, Hebb proposes his learning rule: Repeated activation of
one neuron by another strengthens their connection

1958, Rosenblatt invents the perceptron by basically adding a
learning algorithm to the McCulloch & Pitts model
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1960, Widrow & Hoff introduce the Adaline, a simple network
trained through gradient descent

* 1962, Hubel & Wiesel discover properties of visual cortex
motivating self-organizing neural network models

* 1964, Taylor builds first winner-take-all neural circuit with
inhibitions among output units

* 1969, Minsky & Papert show that perceptrons are not
computationally universal; interest in neural network decreases

18720



(os S aSw 4 b

1982, Hopfield develops his auto-association network
Kohonen proposes the self-organizing map

1986, Rumelhart, Hinton & Williams provide the
backpropagation algorithm in its modern form

1989, LeCun et al. Introduce and apply convolutional neural
networks to handwriting zip code recognition

1997, Hochreiter and Schmidhuber introduce the Long short-
term memory; the most successful model for the recurrent
neural network units.

2012, AlexNet won the ImageNet Large Scale Visual Recognition
Challenge by utilizing GPU computing on a Deep CNN
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